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Abstract

This paper proposes an efficient, domain-
agnostic object tracking model capable of
universal training across multiple sensing

modalities. Building on AQATrack's
autoregressive query-update mechanism, our
design effectively captures both temporal
dynamics and changes in object appearance. The
architecture further supports easy fine-tuning for
(EO)  and infrared (IR)

environments. To enhance robustness against

electro-optical

real-world sensor variations, we incorporate
RandConv during training to induce synthetic
image perturbations, thereby improving
generalization  to diverse EO/IR  data.
Experimental results show that, after fine-tuning
on the GOT-10k dataset converted to grayscale,
our model achieves 90.26% precision on
UAV123 (EO) and 85.11% precision on LSOTB-
TIR (IR), demonstrating superior tracking

performance across heterogeneous domains.
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